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Long-term exposure to ﬁne particulate matter (PM2.5) has been shown to have signiﬁcant negative
impacts on human health. It is estimated that current levels of air pollution shorten the statistical life
expectancy of European citizens by several months. The GAINS integrated assessment model calculates
shortening of life expectancy from population exposure to PM2.5 using epidemiologically-derived health
impact functions. In addition, GAINS estimates PM2.5 concentrations at 1875 air quality monitoring
stations located in diverse environments ranging from remote background locations to busy street
canyons. In this article, different approaches to dealing with the PM2.5 pollution problem are compared.
We assess for the present and future the attainment of EU and WHO air quality standards for PM2.5 and
estimate the loss of life expectancy under different policy scenarios developed for the ongoing revision of
the EU Air Quality Legislation.
© 2015 The Authors. Published by Elsevier Ltd. This is an open access article under the CC BY-NC-ND
license (http://creativecommons.org/licenses/by-nc-nd/4.0/).1. Introduction
During recent years, several long-term cohort studies have
demonstrated a strong association between human exposure to
ﬁne particulate matter below 2.5 mmaerodynamic diameter (PM2.5)
and premature death (Dockery et al., 1993; Pope et al., 2002;
Henschel and Chan, 2013; Beelen et al., 2014). Long-term expo-
sure to elevated levels of PM2.5 leads to increased risk for a variety
of diseases, such as cardiovascular disease, ischemic heart disease,
and respiratory diseases (Lim et al., 2012). Effects of short-term
exposure to ambient PM2.5 have also been demonstrated; howev-
er, these are not the topic of this study.
Consequently, PM2.5 has received increased attention in air
quality legislation in recent years, prompting the establishment of
guideline and legally binding limit values in many countries as well
as the European Union (EU). TheWorld Health Organisation (WHO)
states a guideline value of 10 mg/m3 annual mean concentration
that should not be exceeded in order to ensure healthy conditions.
The United States Environmental Protection Agency has recently
revised its standard to be 12 mg/m3, while the EU set forth a target
value of 25 mg/m3 that is to become a limit value in 2015 (EU, 2008).
Compliance with this limit has to be established at a ﬁxed set ofer).
Ltd. This is an open access article uindividual air quality monitoring stations, largely congruent with
the stations reported to AirBase, the European Air Quality Database.
The existence of a threshold value of PM2.5 exposure that can be
considered safe for human health is still under debate, partly
because few observations are available at clean environments. For
the cohorts analysed in recent assessments, no levelling off of ef-
fects could be observed (Crouse et al., 2012; WHO, 2013). For most
of the populated places in Europe and worldwide however, this
question is of less relevance as their PM concentrations are
considerably above such levels. Despite successful efforts to reduce
ambient PM2.5 concentrations in Europe, concentration levels are
well above theWHO guideline value (EEA, 2013). Hot spot areas are
found in the Po valley in Northern Italy, parts of Poland, and many
of the large cities in both old and new member states of the EU,
where the WHO guideline is exceeded by factors of up to ﬁve.
PM is both a local and a regional issue, as contributions stem
both from long-range transboundary transport of pollution, urban
increments in cities, and local trafﬁc increments within street
canyons. Important sources of PM emissions include domestic
heating, particularly coal and wood burning, road transport with
contributions from both exhaust (mostly diesel) as well as non-
exhaust emissions from brake and tyre wear, and industrial com-
bustion. However, as PM consists not only of primary particles but
also secondary particles formed in the atmosphere from precursor
gases, a range of other pollutants and anthropogenic activities from
which they are emitted, such as agriculture, contribute strongly tonder the CC BY-NC-ND license (http://creativecommons.org/licenses/by-nc-nd/4.0/).
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formed from sulphur dioxide (SO2) emissions, nitrate formed from
reactive nitrogen oxides (NOx) emissions, and ammonium formed
from ammonia (NH3) emissions. Emissions of non-methane volatile
organic compounds (VOCs) are responsible for the formation of
secondary organic aerosol (SOA). For an integrated approach to
tackle the PM problem, all sources need to be taken into account to
design a control strategy.
Several research groups have established integrated assessment
modelling tools that havebeenused toquantify the effects of different
policy options on anthropogenic emissions and their impacts on
environmental parameters, on a national (Oxley and ApSimon, 2007;
Oxley et al., 2013), regional (Amann et al., 2011) or global scale (Van
Dingenen et al., 2014). The GAINS integrated assessment model
(Amann et al., 2011) provides for the whole of Europe a consistent
framework that combines bottom-up emission calculations from
projections of anthropogenic activity in all economic sectors and data
on control technologies and their emission factors for various pol-
lutants with an impact calculation scheme, providing as output vari-
ables (among others) projections on premature mortality from
exposure to ambient air pollution, as well as projections of ambient
PM2.5 concentrations at1875airqualitymonitoring stations reporting
to the AirBase European Air Quality Database. Hence, GAINS provides
estimates of two quantities relevant to policy: The actual target of air
quality legislation is the reduction of health and environmental
damage,1 which cannot be measured directly, while limit values
pertain to measured concentrations at individual stations which are
supposed to be representative of their surroundings.
Presently, the EU is undertaking a revision of the existing air
quality legislation, with the aim to establish new national emission
reductioncommitments for theyear2030. TheGAINSmodelhas been
extensively employed in this policy process to provide an analysis of
the expected evolution of emissions and their reduction potentials,
and to quantify the projected impacts of different policy options.
This paper explains the methodology used in GAINS and pro-
vides for the ﬁrst time projections of station-based PM2.5 concen-
trations as well as projections of calculated health beneﬁts for
different scenarios in the year 2030. We analyse a baseline scenario
assuming only implementation of currently agreed legislation, a
mitigation scenario investigating the potential for reductions if all
available control technologies are employed to their maximum
feasible extent, and a policy scenario corresponding to the EU
Commission proposal for a new Emission Ceilings Directive for
2030 as published December 2013 (European Commission, 2013).
We investigate the two different indicators and quantify their
relationship, which may become relevant if the currently rather
high limit value is to be revised in the future.
This paper is structured as follows. Section 2 reiterates theGAINS
methodology for calculating premature mortality, as well as PM2.5
concentrations for individual stations. Section 3 provides a valida-
tion of the modelled station-by-station concentrations. Section 4
presents results in terms of station concentrations and premature
mortality for 2009 and projections for the year 2030 following the
different scenarios. A simple relation between the two indicators is
introduced and discussed. Conclusions are presented in Section 5.
2. Methodology
In the following sections, the calculation of ambient concentrations in GAINS is
explained. We start by explaining the calculation of ambient PM2.5 concentrations
on the 7  7km2 grid used in GAINS (Sect. 2.1). These gridded concentrations are
used directly in the health impact calculation, as detailed in Sect. 2.2. Going beyond1 Note, e.g., the formulation of the EU Thematic Strategy on Air Pollution, which
states the objective to attain “levels of air quality that do not give rise to signiﬁcant
negative impacts on, and risks to human health and the environment”.the grid level, Sect. 2.3 explains how the calculated gridded concentrations are used
together with past monitoring data to derive concentration estimates for individual
monitoring stations reporting to the Airbase network of observations.
2.1. Calculating exposure to ambient PM2.5
Anthropogenic exposure to PM2.5 is usually analysed at urban background
concentration levels. Ambient concentrations vary considerably within cities (Cyrys
et al., 2012), and in particular local trafﬁc emissions lead to considerably higher
concentrations within urban street canyons. Roadside increments thus need to be
considered when assessing compliance at individual stations (as described in Sect.
2.3), however, they are not taken into account when looking at long-term average
population exposure.
In the GAINS integrated assessment model, PM2.5 concentrations at the urban
background level are calculated as the sum of regional background contributions
(primary and secondary) from Europe-wide emissions, and an urban increment
related to primary PM emissions from local low-level sources. Calculation of the
regional background relies on linearised source-receptor simulations performed
with the EMEP Chemistry Transport Model (EMEP CTM, Simpson et al., 2012) using
ﬁve different meteorological years with a resolution of 0.5  0.25 (roughly
28  28 km2). The urban increment is derived from a full year simulation of the
CHIMERE CTM (Menut et al., 2013) run at a resolution of 0.125  0.0625 or roughly
7  7 km2. Both EMEP and CHIMERE models used the same emission gridding by
country and SNAP sector on the 7  7 km2 grid, as described by Kiesewetter et al.
(2014, 2015).
Ambient concentrations at the 28 28 km2 grid level are related to emissions of
primary PM and PM precursors (NH3, NOx, SO2, and VOC) in 53 European source
regions (EU-28, neighbouring countries, and 10 sea regions) as
½PM2:528ðiÞ ¼ dðiÞ þ
X53
r¼1
X
p
pðr; p; iÞ Eðr; pÞ (1)
with Eðr; pÞ the annual total emissions of pollutant p in region r in a given year, p the
PM2.5 transfer coefﬁcient for pollutant p from region r to receptor grid cell i, and dðiÞ
a constant from the source-receptor calculations accounting for boundary condi-
tions and non-linearities in the atmospheric chemistry and dispersion.
The linear approach does not take into account the cross-dependencies between
different precursors for secondary inorganic aerosol formation; in particular, it does
not explicitly calculate an equilibrium state between ammonium sulphate and
ammonium nitrate formation but assumes that the modelled effects of reducing one
pollutant by 15% can be extrapolated linearly. It is clear that this approach has its
limitations, in particular if emission changes are unbalanced between different
precursors. Modelled concentrations are realistic as long as changes in precursor
gases are similar.
The 0.5  0.25 resolution of the atmospheric dispersion calculation is not
sufﬁcient to reproduce measured urban background PM concentrations. Starting
from the modelled ﬁelds at 0.5  0.25 , a downscaling scheme is applied which
increases the resolution by a factor of 16, essentially based on a redistribution of
primary PM concentrations according to the primary PM emission densities from
low-level sources (transport and domestic sectors), using a full year simulation of
the CHIMERE CTM with the same emission gridding as used in the transfer coefﬁ-
cient calculations. A detailed description is given by Kiesewetter et al. (2015).
In a further step, urban polygon shapes have been developed for most European
cities with more than 100000 inhabitants, as described by Kiesewetter et al. (2014).
These polygons are used to distinguish between urban and rural parts of the
0.125  0.0625 grid cells, leading to a further enhancement of inner urban PM2.5
concentrations and thus overall population exposure.
2.2. Health impact calculations
Several cohort studies have investigated the relation between PM2.5 exposure
and mortality and derived values for Relative Risk RRPM. Here we use results from
the HRAPIE (Henschel and Chan, 2013) and REVIHAAP (WHO, 2013) meta-analyses,
stating that the risk of natural death from all causes is increased by 6.2% per 10 mg/
m3 PM2.5 (95% conﬁdence interval 4.1e8.4%; Hoek et al., 2013). This is in close
agreement with earlier results from the American Cancer Society cohort study (Pope
et al., 2002, 2009a,b) which gave an estimate of 6% per 10 mg/m3 PM2.5 (95% CI
2e11%), while the more recent ESCAPE analysis (Beelen et al., 2014) reported
signiﬁcantly higher relative risks (13% per 10mg/m3 PM2.5, 95% CI 1e25%).
The recent Global Burden of Disease assessment also quantiﬁed non-linear
relative risk functions for death from individual diseases such as ischemic heart
disease (Burnett et al., 2014; Lim et al., 2012). The exact shapes of the dose response
curves have been the subject of scientiﬁc discussion, particularly relating to de-
partures from linearity and possible lower threshold doses. So far no clear evidence
of a safe level of exposure or a threshold below which no adverse health effects
occur could be identiﬁed (WHO, 2013). Burnett et al. (2014) use in their model a
counterfactual low level of PM2.5 between 5.8 and 8.8 mg/m3, belowwhich no health
effects are assumed; however, they maintain that this level is mainly used as a
technical quantity in their model representing the lowest exposure reached
2 AirBase, the European air quality database: online at http://www.eea.europa.
eu/data-and-maps/data/airbase-the-european-air-quality-database-8.
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is found.
There has been a scientiﬁc debate about possible differences in toxicity of
different components of PM. Despite targeted research efforts, however, no clear
evidence has so far been found for different impacts of different components of PM
(WHO, 2013), and thus we assume a proportionality of premature mortality to total
PM2.5 mass concentration. Furthermore we do not distinguish individual diseases
here and rather focus on all-cause mortality, as an analysis of WHO statistics on
causes of death revealed important inconsistencies in reporting standards across
countries, which would introduce an artiﬁcial and systematic bias in health impact
assessments between countries.
Mechler et al. (2002) have introduced the methodology used in GAINS. Loss of
life expectancy is calculated from exposure to ambient PM2.5 using a Cox propor-
tional hazards model (Cox, 1972). A key assumption in all calculations presented
here is that the cohort exposure is kept constant for the whole lifetime. We specify
that the age-speciﬁc risk of dying for adults is related to the level of PM2.5 as follows:
RRPM ¼ expðb ½PMÞy1þ b ½PM (2)
using a ﬁrst-order Taylor expansion, which is justiﬁed because b is small. We
take into account the fact that exposure to air pollution affects only natural mor-
tality, while accidents and suicide (about 5% of deaths) are unchanged. For thewhole
population the coefﬁcient b in Eq. (2) thus becomes 0.00588 per 1 mg/m3 PM2.5.
Cohort- and country-speciﬁc mortality data extracted from life table statistics
(United Nations, 2011) are used to calculate for each cohort the baseline survival
function over time. The survival function lcðtÞ indicates the percentage of a cohort c
alive after time t elapsed since starting time w0. lcðtÞ is an exponential function of
the sum of the mortality rates ma,b, which are derived for each country from life
tables with a as age and b as calendar time. Accordingly, for a cohort aged c in the
starting year 2010, lcðtÞ is
lcðtÞ ¼ exp
 

Xt
z¼c
mz;zcþw0
!
(3)
The baseline survival function lcðtÞ is modiﬁed by the exposure to PM2.5 to
lcðtÞ ¼ exp
 
 ð1þ b ½PMÞ
Xt
z¼c
mz;zcþw0
!
: (4)
Consistent with the methodology introduced by Pope et al. (2002), increased
risk applies only to people older than w0 ¼ 30 years, and younger cohorts are only
included when they reach the age of 30. For a given exposure to PM2.5 (PM), life
expectancy ec is calculated as the integral over the remaining life time:
ec ¼
Zw1
c
lcðtÞdt ¼
Zw1
c
exp
 
 ð1þ b ½PMÞ
Xt
z¼c
mz;zcþw0
!
dt (5)
where w1 is the maximum age considered (100 years) and RRPM the relative risk for
a given concentration of PM2.5. With some simplifying assumptions and approxi-
mations (Vaupel and Yashin, 1986), the change in life expectancy per person (Dec) in
a cohort c due to PM2.5 can be expressed as:
Decyb ½PM
Zw1
c
lcðtÞlog lcðtÞdt (6)
where lc is the baseline survival function.
For all cohorts in a country r the change in life expectancy Der is then calculated
as the averages of the change in life expectancy for the cohorts living in the
7  7 km2 grid cells i of the country (region) r:
Der ¼
Xw1
c¼w0
Popc;r
Popi
Dec;i ¼ b
X
i2r
½PMi
1
Popr
Xw1
c¼w0
Popc;r
Zw1
c
lc;rðtÞlog lc;rðtÞdt (7)
where
Dec,r Change in life expectancy for cohort c in country r
Popc,r Population in cohort c in country r
Popi Total population in grid cell i in country r
Popr Total population in country r.
PM concentration levels correspond to the bottom up calculated urban back-
ground levels on the 7  7 km2 grid, as described in Sect. 2.1. As a simpliﬁcation,
national average population numbers and life tables supplied by the United Nations
(UN, 2011) are applied to all grid cells in a given country, assuming that the age
structure is the same across the whole country. Population density data corre-
sponding to the year 2000 have been obtained from the Joint Research Centre of the
European Commission (JRC-IES) on a 0.01  0.01 grid (Gallego, 2010) and re-
gridded to the 7  7 km2 grid used here. For grid cells containing parts of citieswith >100000 inhabitants for which urban polygons have been deﬁned (see
Kiesewetter et al., 2014), the total grid population is split into urban and rural
population, and exposure is calculated separately for both parts of the grid cell. The
spatial distribution of population is left constant in time.
GAINS calculations of air pollution related mortality include only bottom-up
modelled concentrations of anthropogenic PM. It is presently not clear whether
particles from natural sources such as sea salt and wind-blown dust affect human
health. Furthermore, the focus of GAINS is not so much on the absolute quantiﬁ-
cation of effects but rather on comparison of emission control scenarios. Since no
mitigation strategies exist for natural particles, any potential effects of these would
cancel out between two different air pollution control scenarios. The explicit
exclusion of natural background aerosol shifts the origin of the assumed
doseeresponse curve, thereby implying a threshold level as high as the natural
background aerosol.
The health impact is calculated for the total population of the year 2010; cohorts
are followed until the year 2110. As the cohort studies that determined the relative
risk used here included only participants over 30 years of age, also GAINS calculates
health effects starting at this age. People who are currently below 30 years are
subject to the increased risk only after crossing this threshold.2.3. Station-based concentration calculation
GAINS calculates concentrations of ambient PM2.5 for 1875 individual moni-
toring stations reporting to AirBase,2 the European air quality database. The meth-
odology is described in detail in Kiesewetter et al. (2015) and will only be repeated
brieﬂy here.
Similar to the approach laid out by Kiesewetter et al. (2014) for NOx and NO2,
the station-based modelling scheme combines past monitoring data with bottom-
up emission modelling and a simpliﬁed atmospheric chemistry and dispersion
calculation. The starting point of all calculations is monitoring data reported to
AirBase in 2009. For each monitoring station with sufﬁcient data coverage, con-
tributions from the ambient background and local road trafﬁc emissions are
identiﬁed, and then each of these contributions is modelled individually. The
bottom-up modelling scheme laid out in Section 2.1 is used to explain as far as
possible the observed background concentrations. Residuals between bottom-up
modelled and measured background concentrations are attributed to their likely
sources of origin and then scaled with the respective trends in the projections for
the future, so that the station-by-station calculation scheme is constrained to
observed values in 2009. The attribution process is detailed in the Technical
Appendix.
The availability and spatial coverage of PM2.5 monitoring stations in the EU is
much less than in the case of PM10 or NO2. For the station calculations, GAINS
relies on monitoring data for 2009, the same meteorological year for which the
CHIMERE atmospheric model calculations were performed. The network of
stations is still being built up, and while some regions already had a dense
coverage, others e particularly some of the most affected regions in the new
Member States e did not have a sufﬁcient number of monitoring stations
operational in 2009. In order not to leave out these areas, GAINS extends the
PM2.5 calculations to all PM10 stations covered by the model, effectively esti-
mating a measured PM2.5 concentration from the modelled concentration and
the unexplained residual in PM10. This residual is allocated to the ﬁne and coarse
fractions in the same ratio as the country average for those stations where both
PM2.5 and PM10 are available.
Roadside stations assume an additional increment on top of urban background
levels, related to road trafﬁc emissions within the immediate surroundings of the
monitoring station. Instead of bottom-up estimates of site-speciﬁc emission den-
sities and dispersion, the roadside increment observed in the base year is scaled by
the national trend in primary PM2.5 road trafﬁc emissions for urban driving condi-
tions (exhaust and non-exhaust). We take into account that the ﬂeet composition
and average driving speeds differ from the national average in the typical urban
environment but do not distinguish trends at individual stations. This simpliﬁcation
assumes that the national average ﬂeet composition and driving regime that is used
for calculation of national urban road transport emissions would be representative
of any given roadside station.
Due to the mentioned lack of PM2.5 station data, identiﬁcation of the base
year roadside increment is not straightforward, as there are only few station
pairs of a roadside and a background station within a meaningful distance. For
locations where roadside PM2.5 observations are available but the corresponding
background station supplies only PM10, PM2.5 concentrations at the background
site are estimated as described, leading to a well-deﬁned PM2.5 roadside incre-
ment. To estimate roadside PM2.5 concentrations where either the roadside or
both roadside and background stations supply only PM10, we use a simple
scaling model to estimate the roadside increment of PM2.5 based on the
following assumptions:
Fig. 1. Bottom-up modelled versus observed concentrations of PM2.5 at urban (a) and rural (b) background stations. Modelled ﬁelds of natural PM2.5 have been added to the
anthropogenic concentrations. Modelled concentrations correspond to the levels inside urban polygons in panel a, and the 7  7 km concentrations in panel b.
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(exhaust and non-exhaust); secondary aerosol formation can be ignored at the
time scales involved in the exchange with background air masses.
2) PM2.5 disperses like a chemically inert gas. If roadside PM2.5 observations are
missing, the base year roadside increment can thus be derived from the pro-
portionality to the observed increment in nitrogen oxides (NOx) at the same
station, measurements of which are widely available. The PM2.5 roadside
increment is then estimated as
D½PM2:5 ¼
EPM2:5
ENOx
D½NOx (8)
whereD½, denotes the concentration increment from urban background to roadside
levels for a pollutant, and Ex represent the national total emissions of pollutant x
from road trafﬁc in urban areas.
Assumption 1 is frequently taken, as the mixing time between roadside and
urban background air masses is in the order of seconds to minutes, while secondary
aerosol formation takes place on the order of hours (Seinfeld and Pandis, 1997).
Assumption 2 is needed because roadside observations of PM2.5 are still scarce, even
though the monitoring network has increased signiﬁcantly in recent years.
Restricting the analysis to stations operational in 2009 would result in an uneven
distribution across Europe and exclude some of the worst affected areas e.g. in the
new EUMember States. Using this scaling ratio allows us to extend the analysis to all
roadside stations which monitor NOx and PM10, and have NOx and PM10 background
observations available.
The temporal evolution of the roadside increment is assumed to be proportional
to the national trend in road trafﬁc emissions of PM2.5. This implies that the ﬂeetmix
and driving conditions at any station are well represented by the national average,
that temporal changes in trafﬁc intensities follow the national trends and do not
ﬂuctuate signiﬁcantly fromyear to year, and that the atmospheric mixing conditions
in a given scenario year do not deviate signiﬁcantly from those in the year 2009.3. Validation
A wide range of criteria for model validation and performance
evaluation is available (Bennett et al., 2013; Thunis et al., 2012). As
noted by Bennett et al. (2013), performance evaluation needs to be
tailored to the purpose of the model. In our case, there are different
aspects of the model which can be validated, mostly pertaining to
the atmospheric part of the calculations.
Firstly, simpliﬁcations are taken regarding the linear approxi-
mations involved in both the atmospheric dispersion and the
health impact calculations, which need to be validated against the
full non-linear formulation in each case. The linearised methodol-
ogy for atmospheric chemistry-dispersion relations used in GAINS
has been shown to be in close agreement with corresponding
simulations of the full EMEP atmospheric model (Amann et al.,
2011). Mechler et al. (2002) have compared the linearised
approach to the life expectancy calculations to a full integration andfound close agreement. These linearization aspects are therefore
left out of the validation shown here.
Secondly, we need to ensure that modelled ambient concen-
trations of PM2.5 match real world observations sufﬁciently well to
make the modelling credible. In this regard, it is important to note
the differences between the station-by-station calculation and the
gridded background calculation. The 7  7km ﬁelds of anthropo-
genic PM2.5 which are derived directly from bottom-up emission
calculations, linearised chemistry-dispersion calculations at
28  28 km, and the downscaling step to 7  7km/urban polygons,
are used for the health impact calculation in GAINS. The station-by-
station calculation, which is relevant for compliance with the limit
values, is based on the 7  7km/urban concentration ﬁelds but is
constrained by the observed values at the station in the year 2009.
We focus here on the evaluation of model performance for
background stations.With a perfect model and perfect observations,
the observed concentration at a background monitoring site (be it
urban or rural) would be expected to match exactly the 7  7km/
urban bottom-up modelled concentrations plus natural PM.
Two indicators of model performance are analysed: the scatter
between observations and modelled concentrations, expressed by
the Pearson correlation coefﬁcient R, and the mean bias, calculated
as arithmetic mean of observations minus model. Fig. 1 shows
scatter plots for annual average PM2.5 concentrations at urban
background (a) and rural background (b) locations for the years
2000e2009 (colour coded). Station comparisons show some scatter
(R ¼ 0.76 for urban background stations, R ¼ 0.83 for rural back-
ground stations).
Comparing absolute concentrations, overall agreement is good,
and there is hardly any mean bias present (model underestimating
observationsby less than1mg/m3onaEuropewideaverage)between
observed andmodelled values for these station categories, asmay be
seen in Fig. 1, which compiles annual average observations from all
years and all PM2.5 stations covered by the model, colour-coded by
the year of observation. Only stations located inside a deﬁned urban
polygon are included in Fig. 1a. Concentrations at urban background
stations located in smaller cities are somewhat underestimated by
the 7 7 km ﬁelds, so that the overall set ofmodelled stations shows
a mean negative bias of 2.5 mg/m3 to observations.
The biases for individual stations show an apparent lack of
reliable local information on emissions in some areas. Notably, in-
ner urban concentrations are overestimated by the model in parts
of Poland and Northern Italy, while smaller settlements are often
underestimated, pointing to possible issues with the spatial dis-
tribution of household emissions between cities and the
Fig. 2. Europe wide annual average PM2.5 concentrations at urban background stations
in cities with more than 100000 inhabitants (same set as Fig. 1a), comparing obser-
vations to the bottom-up modelled concentrations for multiple years. All such urban
background PM2.5 stations operational in each year and covered by GAINS are
included; numbers of stations are given for each year. Standard deviations of the mean
are shown as error bars for the observations and as shaded area for the modelled
concentrations. Note that concentrations from 2010 onwards are based on modelled
emission numbers which have not been validated.
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entirely on the bottom up modelled concentration ﬁelds shown in
Fig. 1, local biases for individual sites are of limited effect as long as
country wide impacts are analysed. For the purpose of modelling
compliance with individual stations, a calibration to monitoring
data to incorporate local conditions is necessary to derive the best
possible concentration estimate. In this calibration scheme, offsets
between modelled and observed background values are corrected
by either a best guess of the sectoral split of the unexplained part,
or a scaling of the modelled concentrations if they exceed obser-
vations. The estimation process is detailed in the Technical
Appendix.
A second criterion to ask from our model is whether the time
evolution of modelled concentrations is able to capture observed
trends in the past, particularly as meteorological conditions vary
from year to year in reality while they are ﬁxed in the model. A
practical challenge in this regard is that measurements of PM2.5 at
the beginning of the 21st century are rather sparse and the number
of stations has increased rapidly over the years. Therefore, deriving
a robust Europewide trend is not possible as the amount of stations
with a sufﬁcient time span available would be too small. None-
theless, we may analyse whether the model shows systematic de-
viations over time or not. Fig. 2 shows bottom-up modelled PM2.5
concentrations for the mean of all background stations in major
urban areas with more than 100000 inhabitants for the years
2001e2012. The ﬁgure includes all stations operational in any given
year and covered by GAINS. Thus we do not limit the ensemble of
stations considered here to those covering a certain number of
years, which would effectively remove many stations from the
comparison in later years. Fig. 2 is not suited to derive a Europe
wide trend. Lines are shown as guides to the eye and solely for the
purpose of validating the model against observations for multiple
years. The spreads (standard deviations of the mean) of observed
and modelled concentrations are shown as shaded area for
modelled values and as error bars for observations. Note that we
limit the set of stations to those operational in 2009. Agreement
between model and observations is excellent for the years
2001e2009. Year to year variations in concentrations are related tothe changing set of stations as well as inter-annual meteorological
variability, of which the latter is only reﬂected in observations. In
the years after 2009 model predictions seem too low; however,
concentrations after 2010 are derived from emissions which are
interpolated linearly between 2010 and estimated emissions for
2015, and effects of the ﬁnancial crisis are not yet accounted for. An
update to validated emission inventories for 2015 is needed before
performance after 2010 can be assessed.
4. Results
For estimating current and future health impacts, we employ
the emission scenarios used by the European Commission for the
proposal for a new directive on national emission ceilings in
December 2013 (EU Commission, 2013). They have been described
by Amann et al. (2014a).
The assumed evolution of macroeconomic drivers (population,
GDP growth, energy use, agricultural activities) is taken from
external sources, in this case from projections of the PRIMES model
(E3MLab, 2013). Emission scenarios are then created in GAINS by
assuming application of different emission control measures in the
various countries and economic sectors.
Three emission scenarios are analysed here. The starting point is
a scenario assuming successful implementation of currently agreed
emission control legislation (“current legislation”, CLE) but no
further measures beyond it. Starting from this baseline, we discuss
consequences of additional emission control measures in the EU
(outside the EU, emissions are assumed to remain at baseline
levels). Full implementation of best available technology leads to a
“maximum technically feasible reduction” (MTFR) scenario, which
represents the lowest level of emissions achievable with all
currently available technologies represented in the GAINS model,
but excluding fuel switches or behavioural changes. Increasingly
tight emission controls, however, come at increasingmarginal costs
for implementing them. Realistic scenarios thus aim for a partial
exploitation of the full potential. GAINS includes an optimization
module (Wagner et al., 2013) which identiﬁes the most cost-
effective strategy to reach a given policy target within the feasible
range of emissions and their impacts. The third scenario analysed
here is a cost optimal solution corresponding to the proposal made
by the EU Commission for further emission reductions (“Clean Air
Policy Package”, CLAPP). In the design of the CLAPP, the policy
target was set to a 67% ambition level on reducing premature
mortality from exposure to ambient PM2.5 in 2030 (expressed in
number of life years lost in the EU), with 0% corresponding to
current legislation and 100% corresponding to the MTFR case.
As the mitigation scenarios used here do not consider any non-
technical measures, care needs to be taken in interpreting them.
Some of the measures contained in the MTFR scenario have very
high marginal costs; in practice, emission reductions may be ach-
ieved at lower costs if behavioural changes or fuel switches are
allowed. CLAPP and MTFR scenarios are based on the same
anthropogenic activity pathways (particularly the same fuel use) as
the CLE baseline (PRIMES-2013), which was generated before the
current EU climate targets were formulated. Hence these scenarios
do not yet take account of the proposed targets (40% CO2 reduction
by 2030, 27% penetration of renewable energy). A study conducted
for the European Parliament (Amann et al., 2014b) highlighted that
synergies in climate and air pollution control policies would lead to
higher overall potentials for emission reductions and a corre-
spondingly lower MTFR scenario.
Using the CLE, CLAPP, andMTFR emission scenarios, we quantify
in the following sections the ambient PM2.5 concentrations and
resulting loss of life expectancy both in the recent past and for 2030,
the target year for the revision of the EU air quality legislation.
Fig. 3. Ambient PM2.5 concentrations from anthropogenic emissions as modelled in GAINS at the 7  7 km grid level (urban background), for two different scenario years, assuming
current legislation (CLE).
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Fig. 3 shows bottom-up modelled anthropogenic PM2.5 con-
centrations at the 7  7 km grid level, for the year 2010 (a) and the
year 2030 under CLE assumptions (b). Individual cities can easily be
identiﬁed as concentration hot spots above the regional back-
ground, particularly in Northern Italy, Poland, Romania and
Bulgaria. The localized nature of these hot spots clearly indicates
the necessity of the downscaling step to the 7  7km/urban back-
ground level. Due to the limited resolution of the image, a further
distinction between concentrations inside and outside urban
polygons is not made for this ﬁgure. The validation against obser-
vations demonstrates the need to take into account this step
wherever possible, as PM2.5 levels in several medium-sized or
smaller European cities are underestimated in the 7  7 km ﬁelds,
particularly if cities are divided between neighbouring grids.
While regional background PM2.5 concentrations range between
5 and 15 mg/m3 in most parts of Europe, at hot spot areas modelled
anthropogenic concentrations exceed 25 mg/m3 (Fig. 3a: the Po
valley in northern Italy, south-west Poland, and parts of Romania
and Bulgaria). Modelled concentrations are more reliable for EU
countries due to the higher availability of information on sectoral
emission data there (gridded and national totals). It is interesting to
note that the broad spatial pattern of PM2.5 concentrations in 2010
estimated using the methodology described here, and the identi-
ﬁed hot-spot areas, are rather similar to the 2010 PM2.5 concen-
tration map generated by Horalek et al. (2013). The method used by
these authors starts from the 2010 PM2.5 measurements from Air-
base, supplemented by “pseudo PM2.5 data” based on measured
PM10, and mapped bymeans of a kriging approach using additional
data such as EMEPmodel output, altitude, wind speed, surface solar
radiation and population density.
Implementation of existing legislation is expected to decrease
regional background PM and at urban hotspots (Fig. 3b). However,
care is needed when interpreting the concentration ﬁelds for 2030,
as elevated concentrations are still present in several urban areas
(Po valley, southern Poland) but are not easily visible due to the
limited resolution of the image.
4.2. Scenario analysis: loss of life expectancy
We calculate total loss of life expectancy for the reference year
2010 (in comparison to a hypothetical perfectly clean world) and
then compare the relative beneﬁts of different emission controlscenarios in 2030 to this starting point. By analysing differences,
some of the uncertainties mentioned above (existence of a
threshold value, impacts of natural aerosols) are eliminated and the
relative beneﬁts of different emission control scenarios are subject
to less uncertainty than the absolute loss of life expectancy for a
given scenario and year. To facilitate comparison of different sce-
narios, the same population structure is used in all cases, so that the
population of 2010 is exposed to modelled concentrations and then
followed to the age of 100 using the same baseline mortality rates
which are modiﬁed by ambient PM following Eq. (7), assuming
constant ambient PM for the whole lifetime.
As described in Sect. 2.2., the statistical loss of life expectancy is
calculated from the 7  7 km modelled ﬁelds of anthropogenic
PM2.5, with a further distinction of urban and rural parts of the grids
for cities >100000 inhabitants. The GAINS estimate for the absolute
loss of life expectancy attributable to ambient PM2.5 levels as
modelled for 2010 is shown in Fig. 4a. Estimated values range be-
tween 1 and 2 months in clean background conditions (Sweden,
Scotland) to 1.5 years and more in the Po valley, Poland, parts of
Romania and Bulgaria. On an EU average, around 60% of the
calculated exposure and related loss of life expectancy is from
secondary aerosols and 40% from primary PM.
As discussed in Section 2, the absolute loss of life expectancy is
subject to uncertainty due to questions of lower threshold and
effects of natural aerosols. The focus of our health impact calcu-
lation is thus on the comparison of different scenarios or scenario
years. While the absolute loss of life expectancy would vary if a
lower threshold were introduced (on the EU average by about 0.6
months per mg/m3), results for differences between scenarios are
independent of threshold assumptions as long as no signiﬁcant
proportion of the population lives below threshold levels. For
ambient concentrations resulting from the emission scenarios
used here this is not the case for threshold levels up to 7.5 mg/m3
as used in the Global Burden of Disease study (Lim et al., 2012)
provided that in the case of a threshold also natural sources
should be included.
Fig. 4b shows the population average change in life expectancy
that is obtained from switching constant 2010 conditions to con-
stant levels of PM2.5 as in the CLE case for 2030. Signiﬁcant gains in
life expectancy are calculatedmainly in the newmember states and
the Po valley, with values ranging between less than two months
gain inmost ofWestern Europe and around sixmonths in hot spots.
For the EU-28, the CLE scenario projects an increase of 2.3
months of life expectancy, with the values for individual countries
Fig. 4. Shortening of life expectancy assuming constant lifelong exposure to anthro-
pogenic PM2.5 levels as in 2010 (a), and relative to this the gains in life expectancy
attained for 2030 levels under current legislation (b), and for the maximum technically
feasible emission reduction scenario (c).
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(Bulgaria). In absolute terms, however, in Belgium, Poland, the
Czech Republic, Hungary and Romania people would still lose more
than six months on average even in 2030.
Maximal implementation of the currently available emission
controls as foreseen in the MTFR scenario (Fig. 4c) would lead to
signiﬁcantly higher gains in life expectancy, particularly in themost
polluted regions where up to a year could be gained. As in the CLE
case, improvements would be highest in the new Member States,
with country average gains in life expectancy amounting to 5.5
months in Romania, 5.9 months in Bulgaria, and 6.4 months in
Poland. Thereby, all countries except Cyprus (which is under strong
transboundary inﬂuence from non-EU countries) would recover
between 40 and 60% of the life expectancy lost in 2010; also in
relative terms, the more polluted regions would beneﬁt the most.
4.3. Scenario analysis: compliance with EU limit value and WHO
guideline
Following the declines in emissions of PM and its precursors, the
station-speciﬁcmodel projects decreases in PM2.5 concentrations at
all individual stations, although of different magnitude depending
on the different sectoral-spatial contributions to the local
concentration.
Fig. 5 shows modelled concentrations of PM2.5 at all PM10 sta-
tions for the year 2030, as expected under the CLE scenario. Fig. 5
displays all modelled PM stations which report either PM10 or
PM2.5 in 2009. If only genuine PM2.5 stations are considered, den-
sities would become very low in some regions in the New Member
States. Understandably, the picture is similar to the pure bottom-up
modelled 7  7 km ﬁelds in Fig. 3a. Many urban areas show con-
centrations around 20 mg/m3, clearly above the WHO guideline
value, while the current EU limit value is attained at most stations
with exceptions in Poland and the Slovak Republic. There are large
differences in the densities of monitoring station distribution,
pointing to an important issue with the assessment of compliance
based on single stations. To be representative for the average
pollution levels citizens are exposed to, a certain density as well as
suitable positioning of monitoring stations is required.
Cumulative distributions of calculated PM2.5 concentrations for
all stations are shown in Fig. 6. Consistent with European legisla-
tion, natural dust and sea salt (amounts as calculated from the
EMEP CTM) are not included in this graph as they may be sub-
tracted from measured concentration when determining compli-
ance with a given limit value. While the large majority of stations
(>90%) is already in compliance with the PM2.5 limit value of 25 mg/
m3 in 2009, only 12% of stations, mainly located in remote back-
ground locations, havemet theWHO guideline value of 10 mg/m3 in
this year. In the year 2030, this fraction is projected to increase
signiﬁcantly, with around 41% of stations attaining the WHO
guideline and close to all (>98%) stations complying with the EU
limit value. Thus, even without further political action, the current
limit value is assumed to be widely attained, but at the same time it
does not stimulate further emission controls that would be needed
to attain the WHO guideline.
Implementation of additional emission control measures would
improve this situation considerably. Under the MTFR scenario,
concentrations would decrease below 10 mg/m3 at around 74% of
stations, while under the CLAPP policy scenario only 63% of the
stations would reach this value. The US EPA standard of 12 mg/m3,
for comparison, could be attained at 89% of stations provided a full
implementation of emission controls (MTFR), and at 83% of the
stations under the CLAPP scenario.
It should be emphasized that, due to the steep increase of the
cumulative distribution curves for the year 2030 around the WHO
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large uncertainty and should only be taken as indicative values. The
exact levels of natural PMwhich may be subtracted frommeasured
concentrations when determining compliance with the limit value
introduce signiﬁcant uncertainty. In the numbers stated and the
lines shown in Fig. 6 we take a conservative approach and subtract
only sea salt and natural dust ﬁelds calculated by the EMEP CTM for
the meteorological situation of 2009. The CHIMERE CTM, which has
been used in the downscaling scheme, estimates signiﬁcantly
higher amounts of natural dust for the same conditions. Subtracting
the CHIMERE natural dust ﬁelds from projected station concen-
trations in 2030 would increase attainment of the WHO guideline
by about 13% for the CLAPP scenario in 2030, while inclusion of all
natural aerosols would decrease attainment rate by 7%. Natural PM
concentrations as modelled by the EMEP CTM are shown as shaded
area for the year 2009; the same range applies for other scenario
years as the natural components are assumed to remain constant
over time.
While this issue points to uncertainties in the absolute estimates
of compliancewith given limit values, differences are systematic for
individual stations and thus the relative changes between scenarios
and scenario years are more robust, whichever absolute amount of
natural PM2.5 is subtracted.4.4. Relationship between compliance and health impacts
In the previous sections, station by station concentrations and
mortality from exposure to ambient background concentrations
have been analysed separately. Ultimately, however, the target of
air quality limit values is the restriction of health impacts for citi-
zens. Hence, the question arises how these quantities are related,
i.e. how the station concentrations translate into the population
exposure index of the air quality directive, i.e., population-
weighted averages, whether the stations are representative of
exposure in the area they are supposed to represent, and how a
tighter limit value might be set in order to reach a given level of
anthropogenic exposure.
Compliance in the EU is assessed for air quality management
zones, which are regarded as the primary territorial units for
assessment and management of air quality under the air quality
directives.3 The deﬁnition of the zones is the responsibility of na-
tional authorities, and different Member States follow different
approaches in the designation of zones. In some countries, zones
follow provincial boundaries and separate only major cities, while
other countries have deﬁned detailed zones. We employ the zones
as deﬁned byMember States in 2010 and do not attempt to evaluate
the comparability of zones here, but rather use the polygons as the
best information available for a reasonable grouping of stations and
link between single sites and gridded exposure ﬁelds.
Compliance with a given limit value is determined by the
highest measured concentration at any site inside the zone.4
Anthropogenic exposure is usually associated with background
concentrations, while individual stations e.g. close to major roads
may report considerably elevated concentrations. The question
arises how the different quantities are related: the mean of
measured ambient concentrations, the maximum of measured
ambient concentrations, and actual population exposure.3 The deﬁnition of air quality management zones used here was obtained from
http://www.eea.europa.eu/data-and-maps/data/zones-in-relation-to-eu-air-
quality-thresholds-4.
4 In the strict legal sense, compliance is determined from a large subset of sta-
tions, i.e. not every single AirBase station is considered. We do not take this ﬁne
distinction into account here.Fig. 7 shows a comparison of the population-weighted mean
modelled anthropogenic background PM2.5 concentrations to the
average measured concentrations in each air quality management
zone in 2009. To make axes comparable, modelled ﬁelds of natural
PM2.5 are subtracted from observations. The size of the symbols
corresponds to the area of the zone. Open circles represent zones
with only one monitoring station, with increasingly dark shading
indicating a higher number of stations. A large variation in zone
sizes and station density is obvious (note the logarithmic scale for
zone area). Zones with higher ambient concentrations tend to
supply a better coverage of observations; nonetheless, there are
cases where only 1e2 stations are available for zones of 10,000 km2
andmore. A close linear relationship is observed between themean
of the stations and the population-weighted mean concentration
(R2¼ 0.62) in particular for zones with a high number of stations in
which the point measurements are able to represent the average
well. The linear ﬁt is shown in the Figure (constrained to the
origin); the population-weighted average concentration is related
to the mean of monitoring stations by a factor of 0.76. Outliers are
mainly observed for zones in which only a single station is avail-
able, which is not necessarily representative of the average. If all
such zones are removed from the sample, R2 for the constrained
linear ﬁt increases to 0.67. The region of Katowicze in Southern
Poland stands out as a zone with many stations for which the
modelled exposure (37 mg/m3) is considerably higher than the
mean of individual stations (29 mg/m3), which is related to the over-
estimation of urban background stations in Polish cities mentioned
in Sect. 3.
Fig. 7 demonstrates a compact relation between averaged point
measurements and the mean population exposure in a given zone,
thus providing both support for the usefulness of air quality in-
dicators associated with station means (such as the average expo-
sure indicator mentioned in the EU Air Quality Directive) as well as
the modelling capacities of GAINS.Fig. 5. Modelled PM2.5 concentrations at all PM monitoring stations covered by GAINS,
for the year 2030 under the assumption of current legislation. Natural dust and sea salt
ﬁelds as modelled in the EMEP CTM are subtracted from calculated station
concentrations.
Fig. 6. Cumulative distributions of modelled PM2.5 concentrations at all monitoring
stations covered by GAINS, for the year 2009 and the year 2030 under current legis-
lation (CLE), the EU commission proposal for revised emission ceilings (Clean Air Policy
Package, CLAPP), and the maximum technically feasible reductions (MTFR). Lines
correspond to station concentrations with EMEP dust and sea salt ﬁelds subtracted; for
2009, the shift of the curve by the subtraction of natural PM is shown as shaded area.
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25 mg/m3 is decided from the highest measured concentration in a
zone, thus the question arises if a similar relation can be established
for this indicator. Fig. 8 shows a similar comparison as Fig. 7,
however using the highest measured concentration in each zone on
the x axis. Again, modelled natural PM2.5 ﬁelds have been sub-
tracted from observations to make the axes comparable. As a guide
to the eye, the black ﬁt line from Fig. 7 has been replicated. A shift of
the cloud is clearly visible, corresponding to the strong variations of
observed concentrations within zones. The ﬁgure distinguishesFig. 7. Relation between the average of concentrations measured at monitoring station
in a given air quality management zone, and the population weighted average
modelled PM2.5 concentration in the zone, for the base year 2009. The size of the
symbol represents the area covered by the zone (logarithmic scale, samples shown in
lower right corner), and the colour indicates the number of stations in each zone.
Natural PM has been subtracted from observations to make concentrations compara-
ble. Black line: Linear ﬁt to mean of stations, constrained to origin.cases in which the highest concentration is observed at roadside
locations (triangles) from those where the highest station is a
background site (circles). Understandably, the highest concentra-
tions in many locations are observed at roadside stations. However,
there is also a number of zones in which variability among stations
representing urban background conditions is high, and in fact the
highest concentrations across all stations analysed here are
observed at background locations in Southern Poland (black dots
with x values  40mg/m3). A linear relation is less compact than to
the mean of stations in a zone. Nevertheless 47%e56% of the vari-
ance in exposure is explained by a linear relation, depending on
whether we constrain the regression to the origin. The corre-
sponding regression line, shown in red in Fig. 8, is consequently
shifted from the black line representing station means. In this case,
we obtain a conversion factor of 0.65 between the highest station in
a given zone and the average population exposure.
From the presented analysis, it is obvious that the two indicators
e population average exposure and compliance at peak stations e
are inherently different; a combined approach will thus be needed
relying on both Europe wide measures to decrease average expo-
sure and local measures to address local hotspots.
5. Discussion and conclusions
This paper has discussed the PM2.5 related air quality indicators
calculated in the GAINS integrated assessment model. Premature
mortality is calculated from anthropogenic PM2.5 concentrations on
a 7 7 km grid, and compliancewith limit values is calculated from
PM2.5 concentrations at monitoring stations, based on a combina-
tion of bottom-up modelled ﬁelds and past observations.
As an application of the modelling scheme, we explored po-
tential impacts of the emission control scenarios in 2030 that are
used as a basis for the revision of the EU air quality legislation.
Ultimately, the driver for limit values on ambient concentrations of
PM2.5 has been concern for human health. The EU aims in its 7th
Environment Action Program at attaining “levels of air quality that
do not give rise to signiﬁcant negative impacts on, and risks to
human health and environment”. While emission ceilings are set
for each Member State individually, the legal indicator for air
quality is compliance with a ﬁxed limit value on annual mean
concentrations at individual monitoring stations.
As shown in Section 4, current EU emission control legislation
will lead to a signiﬁcant decrease of ambient PM2.5 concentrations
in comparison with past/present levels. By the year 2030, more
than 98% of all stations can be assumed tomeet the current EU limit
value on PM2.5 of 25 mg/m3 annual mean concentrationwithout any
further political action. However, at the same time the life expec-
tancy of European citizens will remain shortened by several
months, and acceptable levels of ambient PM2.5 as indicated by the
WHO guideline cannot be reached without further measures.
From the above discussion, it is obvious that the current limit
value on PM2.5 is hardly suited to motivate further emission con-
trols in Europe's most polluted areas. The question arises how a
limit valuemight be set which would achieve this but would still be
attainable with reasonable efforts. From the analysis presented in
Section 4.3, attainment of the WHO guideline seems infeasible at
around 25% of the analysed monitoring stations. However, a large
majority of stations (80e90%) is projected to have anthropogenic
PM2.5 concentrations below 12 mg/m3 in 2030 under the MTFR as
well as CLAPP scenarios, hence attaining the US EPA standard with
Europe-wide emission control measures. For the remaining sta-
tions, local measures such as trafﬁc regulations, and fuel switches
in domestic heating would be needed on top of the purely technical
measures analysed here. Using the linear relation derived in Sect.
4.4., this concentration level would translate into an average
Fig. 8. Relation between the highest monitoring station in a given air quality man-
agement zone, and the population weighted average modelled PM2.5 concentration in
the zone, for the base year 2009. Circles indicate zones with a background station as
the highest site, while triangles indicate a roadside station highest. The size of the
symbol represents the area covered by the zone (logarithmic scale, samples shown in
lower right corner, as Fig. 7), and the colour indicates the number of stations in each
zone. Natural PM has been subtracted from observations. Black line: Linear ﬁt to mean
of stations, repeated from Fig. 7. Red line: Linear ﬁt to highest station in each zone as
shown in this ﬁgure (both regression lines constrained to origin). (For interpretation of
the references to colour in this ﬁgure legend, the reader is referred to the web version
of this article.)
G. Kiesewetter et al. / Environmental Modelling & Software 74 (2015) 201e211210population exposure of 7.9e10 mg/m3 depending on the linear ﬁt
used. Applying EU average life table factors, this corresponds to
4.9e6.3 months of life expectancy lost; hence a limit value in the
order of the US standard would limit loss of life expectancy to
roughly half a year everywhere.
Acknowledgements
This work was partially supported by the EC4MACS (European
Consortium for the Modelling of Air pollution and Climate Strate-
gies) project with the contribution of the LIFE ﬁnancial instrument
of the European Community (contract no. LIFE06 ENV/PREP/A/
000006), as well as the Service Contract on Monitoring and
Assessment of Sectorial Implementation Actions (contract no.
07.0307/2011/599257/SER/C3) of DG-Environment of the European
Commission. The authors would like to thank Hilde Fagerli and
Agnes Nyiri (MSC-W) for conducting the EMEP model simulations
underlying the 28 km transfer coefﬁcients, and Bertrand Bessagnet
and Etienne Terrenoire (INERIS) for conducting the CHIMEREmodel
simulations used in the downscaling scheme. Wewould also like to
thank Philippe Thunis (JRC-IES) for helpful discussions. Monitoring
data used in this study were obtained from AirBase (version 5).
Appendix A. Supplementary data
Supplementary data related to this article can be found at http://
dx.doi.org/10.1016/j.envsoft.2015.02.022.
References
Amann, M., Betrok, I., Borken-Kleefeld, J., Cofala, J., Heyes, C., H€oglund-Isaksson, L.,
Klimont, Z., Nguyen, B., Posch, M., Rafaj, P., Sandler, R., Sch€opp, W., Wagner, F.,
Winiwarter, W., 2011. Environ. Modell. Softw. 26, 1489e1501.Amann, M., Borken-Kleefeld, J., Cofala, J., Hettelingh, J.P., Heyes, C., H€oglund-
Isaksson, L., Holland, M., Kiesewetter, G., Klimont, Z., Rafaj, P., Posch, M.,
Sander, R., Sch€opp, W., Wagner, F., Winiwarter, W., 2014a. The Final Policy
Scenarios of the EU Clean Air Policy Package. TSAP Report #11. International
Institute for Applied Systems Analysis, Laxenburg, Austria. Available online at:
http://www.iiasa.ac.at/web/home/research/researchPrograms/
MitigationofAirPollutionandGreenhousegases/TSAP_11-ﬁnalv1-1a.pdf.
Amann, M., Heyes, C., Kiesewetter, G., Wagner, F., Schoepp, W., 2014b. Comple-
mentary Impact Assessment on Interactions between EU Air Quality Policy and
Climate and Energy Policy. European Parliamentary Research Service Ex-Ante
Impact Assessment Unit, European Parliament, Brussels, Belgium. Available
online at: http://www.europarl.europa.eu/RegData/etudes/STUD/2014/528802/
EPRS_STU%282014%29528802_REV1_EN.pdf.
Beelen, R., et al., 2014. Effects of long-term exposure to air pollution on natural-
cause mortality: an analysis of 22 European cohorts within the multicentre
ESCAPE project. Lancet 383, 785e795. http://dx.doi.org/10.1016/S0140-
6736(13)62158-3.
Bennett, N.D., Croke, B.F.W., Guariso, G., Guillaume, J.H.A., Hamilton, S.H.,
Jakeman, A.J., Marsili-Libelli, S., Newham, L.T.H., Norton, J.P., Perrin, C.,
Pierce, S.A., Robson, B., Seppelt, R., Voinov, A.A., Fath, B.D., Andreassian, V., 2013.
Characterising performance of environmental models. Environ. Model. Softw.
40, 1e20. http://dx.doi.org/10.1016/j.envsoft.2012.09.011.
Burnett, R.T., et al., 2014. An integrated risk function for estimating the global
burden of disease attributable to ambient ﬁne particulate matter exposure.
Environ. Health Perspect. 122, 397e403. http://dx.doi.org/10.1289/ehp.1307049.
Cox, D.R., 1972. Regression Models and Life-Tables. J. R. Stat. Society Ser. B 34 (2),
187e220.
Crouse, D.L., Peters, P.A., Van Donkelaar, A., Goldberg, M.S., Villeneuve, P.J., Brion, O.,
Khan, S., Atari, D.O., Jerrett, M., Pope III, C.A., Brauer, M., Brook, J.R., Martin, R.V.,
Stieb, D., Burnett, R.T., 2012. Risk of Nonaccidental and cardiovascular mortality
in relation to long-term exposure to low concentrations of ﬁne particulate
matter: a Canadian national-level cohort study. Environ. Health Perspect. 120,
708e714. http://dx.doi.org/10.1289/ehp.1104049.
Cyrys, J., et al., 2012. Variation of NO2 and NOx concentrations between and within
36 European study areas: results from the ESCAPE study. Atmos. Environ. 62,
374e390. http://dx.doi.org/10.1016/j.atmosenv.2012.07.080. E3MLab (2010)
PRIMES Model. E3Mlab of ICCS/NTUA, Athens, Greece.
Dockery, D.W., Pope III, C.A., Xu, X., Spengler, J.D., Ware, J.H., Fay, M.E., Ferris Jr, B.G.,
Speizer, F.E., 1993. An association between air pollution and mortality in six U.S.
cities. New Engl. J. Med. 329 (24), 1753e1759. http://dx.doi.org/10.1056/
NEJM199312093292401.
E3MLab, 2013. PRIMES Model 2013-2014 e Detailed Model Description. E3MLAB /
ICCS at the National Technical University of Athens. URL: http://147.102.23.135/
e3mlab/PRIMES%20Manual/The%20PRIMES%20MODEL%202013-2014.pdf
(accessed 24.03.15.).
EEA, 2013. Air Quality in Europe d 2013 Report. EEA Report No 9/2013. European
Environment Agency, Copenhagen, Denmark. http://www.eea.europa.eu/
publications/air-quality-in-europe-2013. (accessed 25.03.15.).
EU, 2008. Directive 2008/50/EC of the European Parliament and of the Council of 21
May 2008 on Ambient Air Quality and Cleaner Air for Europe (Ofﬁc J EU, L 152,
11.6.2008, pp. 1e44).
European Commission, 2013. Proposal for a Directive of the European Parliament
and of the Council on the Reduction of National Emissions of Certain Atmo-
spheric Pollutants and Amending Directive 2003/35/EC. Brussels, 18.12.2013,
COM(2013) 920 ﬁnal, 2013/0443 (COD). URL. http://ec.europa.eu/environment/
air/clean_air_policy.htm.
Gallego, F.J., 2010. A population density grid of the European Union. Popul. Environ.
31, 460e473. http://dx.doi.org/10.1007/s11111-010-0108-y.
Henschel, S., Chan, G., 2013. Health Risks of Air Pollution in Europe e HRAPIE
Project. New Emerging Risks to Health from Air Pollution - Results from the
Survey of Experts. WHO Regional Ofﬁce for Europe, Copenhagen, Denmark.
URL: http://www.euro.who.int/__data/assets/pdf_ﬁle/0017/234026/e96933.
pdf?ua¼1.
Hoek, G., Krishnan, R.M., Beelen, R., Peters, A., Ostro, B., Brunekreef, B.,
Kaufman, J.D., 2013. Long-term air pollution exposure and cardio- respiratory
mortality: a review. Environ. Health 12, 43. http://dx.doi.org/10.1186/1476-
069X-12-43.
Horalek, J., de Smet, P., Corbet, L., Kurfürst, P., de Leeuw, F., 2013. European Air
Quality Maps of PM and Ozone for 2010 and their Uncertainty. ETC/ACM
Technical Paper 2012/12. http://acm.eionet.europa.eu/reports/ETCACM_TP_
2012_12_spatAQmaps_2010.
Kiesewetter, G., Borken-Kleefeld, J., Schoepp, W., Heyes, C., Thunis, P., Bessagnet, B.,
Terrenoire, E., Gsella, A., Amann, M., 2014. Modelling NO2 concentrations at the
street level in the GAINS integrated assessment model: projections under
current legislation. Atmos. Chem. Phys. 14, 813e829. http://dx.doi.org/10.5194/
acp-14-813-2014.
Kiesewetter, G., Borken-Kleefeld, J., Schoepp, W., Heyes, C., Thunis, P., Bessagnet, B.,
Terrenoire, E., Fagerli, H., Nyiri, A., Amann, M., 2015. Modelling street level PM10
concentrations across Europe: source apportionment and possible futures.
Atmos. Chem. Phys. 15, 1539e1553. http://dx.doi.org/10.5194/acp-15-1539-
2015.
Lim, S.S., et al., 2012. A comparative risk assessment of burden of disease and injury
attributable to 67 risk factors and risk factor clusters in 21 regions, 1990e2010:
a systematic analysis for the Global Burden of Disease Study 2010. Lancet 380,
2224e2260. http://dx.doi.org/10.1016/S0140-6736(12)61766-8.
G. Kiesewetter et al. / Environmental Modelling & Software 74 (2015) 201e211 211Mechler, R., Amann, M., Schoepp, W., 2002. A Methodology to Estimate Changes in
Statistical Life Expectancy Due to the Control of Particulate Matter Air Pollution.
Interim Report IR-02e035. International Institute for Applied Systems Analysis,
Laxenburg, Austria.
Menut, L., Bessagnet, B., Khvorostyanov, D., Beekmann, M., Blond, N., Colette, A.,
Coll, I., Curci, G., Foret, G., Hodzic, A., Mailler, S., Meleux, F., Monge, J.-L., Pison, I.,
Siour, G., Turquety, S., Valari, M., Vautard, R., Vivanco, M.G., 2013. CHIMERE
2013: a model for regional atmospheric composition modelling. Geosci. Model
Dev. 6, 981e1028. http://dx.doi.org/10.5194/gmd-6-981-2013.
Oxley, T., ApSimon, H.M., 2007. Space, time and nesting integrated assessment
models. Environ. Model. Softw. 22, 1732e1749. http://dx.doi.org/10.1016/
j.envsoft.2007.02.002.
Oxley, T., Dore, A.J., ApSimon, H., Hall, J., Kryza, M., 2013. Modelling future impacts
of air pollution using the multi-scale UK integrated assessment model (UKIAM).
Environ. Int. 61, 17e35. http://dx.doi.org/10.1016/j.envint.2013.09.009.
Pope III, C.A., Burnett, R.T., Thun, M.J., Calle, E.E., Krewski, D., Ito, K., Thurston, G.D.,
2002. Lung cancer, cardiopulmonary mortality, and long-term exposure to ﬁne
particulate air pollution. J. Am. Med. Assoc. 287, 1132e1141.
Pope III, C.A., Ezzati, M., Dockery, D.W., 2009a. Fine-particulate air pollution and life
expectancy in the United States. New. Engl. J. Med. 360, 376e386. http://
dx.doi.org/10.1056/NEJMsa0805646.
Pope III, C.A., Burnett, R.T., Krewski, D., Jerrett, M., Shi, Y., Calle, E.E., Thun, M.J., 2009b.
Cardiovascular mortality and exposure to airborne ﬁne particulate matter and
cigarette smoke: shape of the exposure-response relationship. Circulation 120,
941e948. http://dx.doi.org/10.1161/CIRCULATIONAHA.109.857888.
Seinfeld, J.H., Pandis, S.N., 1997. Atmospheric Chemistry and Physics: from Air
Pollution to Climate Change. Wiley Interscience, New York.
Simpson, D., Benedictow, A., Berge, H., Bergstr€om, R., Emberson, L.D., Fagerli, H.,
Flechard, C.R., Hayman, G.D., Gauss, M., Jonson, J.E., Jenkin, M.E., Nyíri, A.,
Richter, C., Semeena, V.S., Tsyro, S., Tuovinen, J.-P., Valdebenito, A., Wind, P.,
2012. The EMEP MSC-W chemical transport model e technical description.Atmos. Chem. Phys. 12, 7825e7865. http://dx.doi.org/10.5194/acp-12-7825-
2012.
Thunis, P., Georgieva, E., Pederzoli, A., 2012. A tool to evaluate air quality model
performances in regulatory applications. Environ. Model. Softw. 38, 220e230.
http://dx.doi.org/10.1016/j.envsoft.2012.06.005.
United Nations, Department of economic and social affairs, Population Division,
2011. World Population Prospects: the 2010 Revision. CD-ROM Edition.
Van Dingenen, R., Leitao, J., Dentener, F., 2014. A multi-metric global sour-
ceereceptor model for integrated impact assessment of climate and air quality
policy scenarios. Talk at the EGU general assembly 2014. Geophys. Res. Abstr. 16.
EGU2014e13949.
Vaupel, J.W., Yashin, A.I., 1986. Targetting lifesaving: demographic linkages between
population structure and life expectancy. Eur. J. Popul. 2, 225e360.
Wagner, F., Heyes, C., Klimont, Z., Schoepp, W., 2013. The GAINS Optimization
Module: Identifying Cost-effective Measures for Improving Air Quality and
Short-term Climate Forcing. Interim Report IR-13e001. International Institute
for Applied Systems Analysis, Laxenburg, Austria. URL: http://webarchive.iiasa.
ac.at/Admin/PUB/Documents/IR-13-001.pdf.
WHO, 2013. Review of Evidence on Health Aspects of Air Pollution e REVIHAAP
Project Technical Report. WHO Regional Ofﬁce for Europe, Copenhagen,
Denmark. http://www.euro.who.int/_data/assets/pdf_ﬁle/0004/193108/
REVIHAAP-Final-technical-report-ﬁnal-version.pdf?ua=1 (accessed 25.03.15.).
Further reading
Pope III, C.A., Burnett, R.T., Turner, M.C., Cohen, A., Krewski, D., Jerrett, M.,
Gapstur, S.M., Thun, M.J., 2011. Lung cancer and cardiovascular disease mortality
associated with ambient air pollution and cigarette smoke: shape of the
exposureeresponse relationships. Environ. Health Perspect. 119, 1616e1621.
http://dx.doi.org/10.1289/ehp.1103639.
